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Study on the Mining of Key Factors of Myocardial Infarction Based on the Automatic Feature Recognition WANG Yingjing,
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(Abstract]  Artificial Intelligence ( Al) technology is used to analyze the Machine Learning ( ML) algorithm based on the patients’
previous medical data, and an automatic recognition model for disease features of myocardial infarction is built. The key and main patho-
genic factors are found through feature mining to provide qualitative or quantitative auxiliary diagnosis advices for doctors.
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