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Data Mining Technology and Its Application in the Diagnosis and Treatment of Clinical Malignant Tumors ZHANG Rui, WANG
Mi —ye, LI Nan, YANG Xiao — yan, SHI Qing — ke, HUANG Yong, West China Hospital of Sichuan University, Chengdu 610041, China
(Abstract]  The paper introduces technologies related to data mining, including the feature selection, outlier detection model, cluste-
ring model, association rule model, classification model, ensemble learning algorithm, etc. It makes detailed explanation of the applica-
tion of data mining in the diagnosis, prognosis and management of clinical malignant tumors.
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