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Gene Named Entity Recognition Based on Entity Dictionary and Machine Learning X/A Guang — hui, LI Jun - lian, RUAN Xue
- ping, Institute of Medial Information, Chinese Academy of Medical Sciences, Beijing 100020, China

(Abstract] By introducing the entity dictionary into the model of machine learning in the form of characteristics, this article proposes
a method of gene — named entity recognition based on entity dictionary and machine learning and experiments on corpus GENIT 3. 02.

As indicated by the test results, after the characteristics of the entity dictionary are introduced, while a higher accuracy rate of entity rec-

ognition is obtained, the time complexity of CRFs recognition model is optimized and the system$ recognition efficiency is enhanced.
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