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(Abstract]  Based on researches about domestic and foreign knowledge graphs used universally and specially for the medical industry,
the paper explores methods and standard processes of constructing an automatic traditional Chinese medicine knowledge graph by use of
technologies such as text extraction, conversion of relational data and data integration, etc. It aims to realize the intelligent application of
this knowledge graph, including template—based questions and answers of traditional Chinese medicine knowledge and ancillary prescrip-
tions inferred based on the knowledge graph.
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(Abstract])  Based on current situations related to the construction of domestic and foreign institutional repositories, the paper analyzes
the necessity and feasibility of constructing an institutional repository for a hospital. According to the realities of the Peking University
School of Stomatology, it proposes the idea of constructing an institutional repository for it. It makes a systematic analysis of the framework
and structure of the institutional repository, content maintenance and operation, features, and specific construction practice and experience.
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