EFEERSARGEG 2017 F5£38 £FE4 87 JOURNAL OF MEDICAL INFORMATICS 2017,Vol. 38,No. 4

o EREETR o
A=Y LTS S == >N I *
e T IR E S I 59 12 W
Rk % 9 e o
CIHBBPEFTERDN (I8 BPEmHERPIN)  ER 210008 CGLHEERIR/Z R
AR 210008) 2 FERAATENRNZESMAZR BER 210023) FER 210029)

(FEE) 2 UCT S R 5 X m X3, FIRAMEFT PHRESFIRRIITRBD SR, 55
LRMAMNK ., XHF@EIARAYZE M5 KT, IMBREFIRRNFEST KEFEGIZIREA E X
H Fad B0l B AR

(k#1F) RAEIEk; REF; RRBRGH

(thE4ES) R-056 ( XERPRIZAG ) A (DOI) 10.3969/j. issn. 1673 —6036. 2017. 04. 010

Disease Diagnosis Based on Deep Learning LU Jia — fa, Health Statistics and Information Center of Jiangsu Province, Nanjing
210008, China; ZHANG Guo — ming, 1 Health Statistics and Information Center of Jiangsu Province, Nanjing 210008, 2 Department of
Computer Science and Technology, Nanjing University, Nanjing 210023, China; CHEN An — qi, Jiangsu Jiankang Vocational College
Nanjing 210029, China

(Abstract)  The paper takes heart disease dataset of UCI as experimental data, carries out disease diagnosis and calssification based
on the deep learning technology of machine learning, compares with Random Forest ( RF), Support Vector Machine (SVM) and Neural
Network (NN) classification, and indicates that the Deep Learning (DL) technology is of great potential and important value for explo-
ration of medical big data.
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