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(Abstract]  The paper analyzes different expressions of indirectly associated strong — weak connection in the process of biomedical lit-
erature knowledge discovery, defines the effect and function of strong — weak connection on literature knowledge discovery, and indicates
that the accuracy rate of the discovery of potential connection through strong connection is obviously higher than the accuracy rate obtained

through weak connection, and strong connection can serve as an important factor for improving the application effect of literature knowl-

edge discovery.
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