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Study Status of Biomedical Named Entity Recognition as Well as Difficulties and Significance of Chinese Biomedical Named En-
tity Recognition PAN Cui —ran, SHI Wei, XUE Jun, WANG Qing — hua, WANG Li, DONG Jian - cheng, School of Medicine of Nan-
tong University, Nantong 226001, China

(Abstract]  The paper introduces the study situation of biomedical named entity recognites in and outside of China, elaborating on the
technical method of biomedical named entity recognition, including method based on dictionaries and rules, method based on machine
learning, mixed method, neural network method and related evaluation organizations and criterion, and summarizes the difficulties and
significance of Chinese biomedical named entity recognition.
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