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( Abstract)

To introduce the two — step clustering algorithm based on the co — word calculation, the terminology selection, two — step

clustering and the clustering processes of evaluation iteration are designed. Taking the terminology in the area of tumor as an example, the

co — occurrence matrix and relational network is built. To adopt the two — step clustering method to carry out the automatic clustering and

empirical study, the discrimination is evaluated. The results of the tests show that the clustering effect of the method is good.
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