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Design and Implementation of Medical Book Recommendation System Based on Lambda Architecture QIU Yuyan, WU Fush-
eng, Library and Information Center of Bengbu Medical College, Bengbu 233000, China

(Abstract]  The medical book recommendation system on the basis of Lambda architecture has been designed and implemented. The
paper elaborates on the structure and key techniques of the system. An offline computation — based recommendation model has been estab-
lished by adoption of ALS algorithm to recommend book in real time according to readers”online behavior. Practice shows that the recom-
mendation system based on Lambda architecture is of higher accuracy.
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