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( Abstract)

The intelligent doctor assistant platform has been designed. It realizes intelligent triage, intelligent diagnosis and intelli-

gent preferred prescription and other medical auxiliary functions with Bayesian classification, artificial neural network and association rule

algorithms in order to improve hospital environment and medical service level.
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tx = tf. placeholder (tf. float32, [ None, 5])

ty = tf. placeholder (tf. float32, [ None])

with tf. variable_ scope ( Wweightsl”) :

tw = tf. Variable (tf. truncated_ normal (shape = [5],
mean =1.0, stddev=0.1), name =" weights1")
tf. summary. histogram ( weightsl”, tw)
with tf. variable_ scope ( Wweights2”) :
sw = tf. nn. softmax (tw, name =" weights2")
tf. summary. histogram ( weights2’, sw)
with tf. variable_ scope (fes’) :

©34 .

" res" )

res = tf. reduce_ sum ( (tx*sw), name =

tf. summary. histogram ( fes’, res)

with tf. variable_ scope (loss’) .

loss = tf. abs (res —ty, name =" loss")

tf. summary. histogram (loss’, loss)

optimizer = tf. train. RMSPropOptimizer (0. 1)

train = optimizer. minimize (loss)

merged = tf. summary. merge_ all ()

batch_ size = 20

init = tf. global_ variables_ initializer ()

with tf. Session () as sess:

sess. run  (init)

writer = tf. summary. FileWriter ( C: /pl”, sess. graph)

for iin range (1):

for j in range (int (len (X1) /batch_ size) -1):

s = (j * batch_ size) % (len (X1) - batch_ size)

e = s+ batch_ size

backl =X1 [s: e]

back2 =Y1 [s: e]

result = sess. run ( [train, tx, ty, tw, sw, res, loss],
feed_ dict = {tx: backl, ty: back2})

resu, _ =sess. run (merged, feed_ dict = {tx; backl,
ty: back2})

writer. add_ summary (resu, i)

writer. close ()
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