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(Abstract]  The paper introduces the basic concepts, main algorithms, techniques and practical applications of Artificial Intelligence
(AI) and drug design, discusses the application of Machine Learning (ML) in new drug research. It expounds the application and chal-
lenges of virtual screening technology based on ML strategy in the innovative research and development of drugs in detail from the perspec-
tives of classification regression, target protein structure prediction, active site identification and binding affinity, and prospects the devel-
opment of this technology.
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