EZFERSFE 2020 F5E4 A58 5 JOURNAL OF MEDICAL INFORMATICS 2020, Vol. 41,No. 8

v

DO LR VL 0 36 5 0 474 2 7

FokSE REREE KiRdE A MR
(UBERKRZEIE=/  AJR 030001)

(BE]) THRFASECTRIEFAFREL, SHRFEAARTE TR EFELERL, HEiTEL TR
MAREFEAREY R E, REAEEN, ARBLETFRAEFH—FTARERBELE, ARFEAEZREEL
FREE R PRI,

(k@A) X¥4; ©FRA; £3F; RMEAAE
(MESZEE] R-056 (CakFRIZES ) A (DOI] 10.3969/j. issn. 1673 —6036. 2020. 08. 009

The Feasibility Analysis of Electronic Medical Records Sharing from the Perspective of College Students YUAN Yongxu, ZHAO
Xiaoting, ZHANG Shuting, JIN Pengchen, School of Management, Shanxi Medical University, Taiyuan 030001, China

[ Abstract])  The paper understands college students”cognition of Electronic Medical Records (EMR) sharing, analyzes the advantages
and disadvantages of EMR sharing from the perspective of college students, discusses the influencing factors of EMR and their sharing de-
velopment, and puts forward corresponding suggestions, so as to provide references for the further development of EMR sharing and scien-

tific basis for medical information literacy education of college students.
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