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(Abstract]  The paper proposes a new entity extraction model based on the triplet information extraction strategy to solve the entity dis-
crete problem when the traditional Named Entity Recognition (NER) method is applied to the medical entity recognition of hypertension
Electronic Medical Record (EMR) of Traditional Chinese Medicine (TCM) , expounds the experimental data set and related processing,
experimental methods and results, and provides methodological references for automatic extraction of TCM medical entity.
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