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( Abstract)

A cancer Knowledge Graph (KG) is built based on Chinese clinical guidelines and related literatures in the field of

cancer, and the intelligent question answering application is realized according to the cancer KG. The paper elaborates the building meth-

od and application results of the KG in detail, and points out that the KG can provide certain clinical decision support for cancer diagnosis

and treatment, and provide references for the building and application of KG in other fields.
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