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User Portrait Construction of Weibo Comments on Public Health Emergencies Based on Sentiment Analysis ZHANG Caihong,
School of Public Health, Bengbu Medical College, Bengbu 233030, China; LI Xiang, ZHOU Xuexia, PAN Wet, School of Health Man-
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(Abstract]  The paper introduces the technical route of constructing user portraits for Weibo comments on public health emergencies
based on sentiment analysis, analyzes the correlation between the calculated sentiment orientation and user characteristics, and proposes that
six user characteristics, such as gender, age, number of followers, number of likes, introduction and label, which are related to the emo-
tional tendency of user comments, could be selected as content to construct user portraits of Weibo comments on public health emergencies.
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