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Study on Chinese Electronic Medical Record Entity Mapping Method by Fusing Similarity Algorithms and Pre — trained
Models FENG Fengxiang, REN Huiling, LI Xiaoying, WANG Weijie, WANG Xu, ZHANG Ying, Institute of Medical Information & Li-
brary, Chinese Academy of Medical Sciences & Peking Union Medical College, Beijing 100020, China

( Abstract) The self — annotated Chinese electronic medical record (EMR) standard datasetisused, the similarity algorithms and pre
— trained models are fused and applied to the candidate entity generation and entity disambiguation stages of entity mapping, and the per-
formance of different similarity algorithms and pre — trained models is compared and analyzed. A method is proposed to improve the map-
ping effect of drug class entities based on alias similarity, and the Jaccard similarity algorithm and BERT pre — trained model are com-
bined to efficiently realize the task of mapping the entities of massive Chinese EMRs.
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