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Analysis on the Classification of Problems in the Medical and Health Field

WANG Juan, HOU Li

Institute of Medical Information, Chinese Academy of Medical Sciences & Peking Union Medical College, Beijing 100020, China
(Abstract]  Purpose/Significance To sort out and analyze the development status of problem classification in the medical and health
field, and provide ideas for improving the performance of medical question answering systems. Method/Process By synthesizing relevant
literatures in the field of medical and healthcare problem classification, the study summarizes existing classification systems, datasets,
deep learning methods, evaluation criteria and applications. It also analyzes future research directions and core scientific issues in the do-
main of medical and healthcare problem classification. Result/Conclusion Healthcare problem classification is instrumental in enhancing
the understanding of issues, improving system performance, and delivering more efficient healthcare services. It holds significant impor-
tance for question — answering systems and services in the medical and healthcare domain.
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