EFERSRGE 2024 FFE A5 HFEI H JOURNAL OF MEDICAL INFORMATICS 2024,Vol.45,No.9

c BT EIRSRRAESKE
[, EARATHEEH T AR XIN A XK TRHE, K852 A A KA LA 0K
ﬁﬁ,%maﬁkwﬁéﬁﬂﬁiﬁ%ﬁoﬁ@ﬁ%@@ﬁ,k%éﬁﬁaEMf%%M%\%%ﬂﬁﬁ
%%%%%\iﬁ%ﬁ%ﬁ@,E%ﬁﬁ%iﬁﬁ%%%ﬁ§#%&%¢%%ﬁEk%ﬁ,ﬁ%fi%%
P REBGEERE . REIEAE, FAEFHARB IS, AW, BFERKESHA M KRIHEN |
i@%%%%&,@%“%%”_%éﬁ\ﬁ%%%\&%ﬁ\%%ﬁ%u&?ﬁﬁ%%,ﬁ%ﬁ*ﬁﬁi
PR AMERARTEFRRXETAREY, R MR T B REREIHRGLE, &
DAL BB FER, AAKBETREAGKERTOLN, ARDEAREKESRYEL, AL, |
tF R RRBEAE 1

O S S O S SO S O S S S S O N S U R I

e f BERE R SRR R e . PR S 5Y

U R 920, A S

(' DILNEREEESEEDIN FUN 311121
IR BFHARNPINE - T INEERATEESINE  FUN 311121
P OITMBEAEXASZEARDIN FUN3ITI21 P ITTIRASZRREESB #UN 312028)

(HE) BR/EX Z2A@0BA5 T EFERERFZERG LR, BRI E. @16HER A BT 7 B4 64 57
RIK, AR AT A . AT AREAE, Fik/iE5R @3 Lk oA ik KiE SRR E BT
BAIR A R e A GO, AT @GPk, NBEREBFE E@mITE Bt R, R/ &1L Bk
XKBZRAEZALEZEZRAGERME, T THEE, AP, BRAERTE TR, LD RAER
F, HRAERER, RIEBEAEAL,

(XEIW) EFEERBEZEE;, ATFREE; KEASF

(HE#%E) R-058 ( XEkHRIREG) A (DOIJ 10.3969/j. issn. 1673 —6036. 2024. 09. 001

Development, Challenges and Alignments of Large Language Models in Healthcare

LIU Tong'* , HUANG Chengfeng’ , ZHANG Wen'

! Development Strategy and Cooperation Center, Zhejiang Lab, Hangzhou 311121, China;’ Zhejiang Laboratory of Philosophy and Social
Sciences — Laboratory of Intelligent Society and Governance, Zhejiang Lab, Hangzhou 311121 , China;’ Research Center for Data Hub and
Security, Zhejiang Lab, Hangzhou 311121, China;’School of Management, Zhejiang Shuren University , Hangzhou 312028, China
(Abstract]  Purpose/Significance The paper systematically reviews and analyzes the development, cutting — edge applications, chal-

lenges and alignment issues of large language models (LLMs) in healthcare, so as to provide references for promoting the safe, effective
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and equitable application. Method/Process Through literature analysis, the development and application of LLMs in healthcare are ex-

pounded, the challenges faced are analyzed, and countermeasures are proposed from the technical and social aspects. Result/Conclu-

sion LLMs in healthcare should prioritize truthfulness, safety, interpretability, fairness, privacy and accountability to realize model align-

ment, meet ethical requirements, and improve patients’ welfare.
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