ESERFRE 2024 F5545 BE10 JOURNAL OF MEDICAL INFORMATICS 2024, Vol. 45,No. 10

He T B IE K £ s 0 B RE WL 15 % e S I Ak 1
,»\214ﬁ%7br-551§ffﬁ

BRE HER

CLIMMmAhE®REE 211]529099)

(HE) BR/EX KB E#E A, SRERREN NS B I%Z, B BEEReERT RPN,
Fik/ AR ATHLEESNEF T FEER, RSGERZRAA L., SARESHAAELRXRSTRB FRIERE,
MBEFRFKSBRIEFER,; ATERKXEE, MAERSHRARNER, RMBEEES . B, ©EF
BV AN R EAF RS RBRENIEFRRE, ABFRBEFWMOASTRAIEIT] 5 R EHGFLE TR
EWR S, R/ BRADRBRENEF ZAEABESRD RN SIS RREFRS, BRATEEZWRKE
PRI o B TR0 IR S35

(XER)  sgabi; BRERAE; RS hE; FEER

(MESEE] R-058 (CakFRIZED ) A (DOI] 10.3969/j. issn. 1673 —6036. 2024. 10. 017

Design and Application of an Intelligent Real — time Treatment Path Recommendation System Based on Hospital Big Data
JIANG Hongjian, CHEN Jianchao

Wuyt Traditional Chinese Medical Hospital of Jiangmen, Jiangmen 529099, China

(Abstract]  Purpose/Significance To optimize the patient’ s treatment process, to shorten the treatment time and moving path in the
hospital, to help patients predict the time of each treatment process. Method/Process Based on graph theory and machine learning algo-
rithm model, the intelligent treatment path recommendation model is constructed by integrating data information such as hospital spatial
layout, diagnosis and treatment department distribution and patient treatment items. Based on the big data of hospital patients, the pre-
diction model of patient treatment time is constructed to predict the time spent in registration, waiting for treatment or examination, etc.
A real — time recommendation system for intelligent treatment paths is designed and implemented to provide patients with clear guidance
and more accurate time — consuming estimation services. Result/Conclusion The intelligent real — time treatment path recommendation
system integrates the capability of treatment time prediction and path recommendation, which significantly improves the treatment experi-
ence of patients and the service efficiency of hospitals.
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