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Study on Risk Assessment of Lung Cancer in the Elderly Based on Deep Neural Networks

CHEN Songjing, WU Sizhu

Institute of Medical Information, Chinese Academy of Medical Sciences & Peking Union Medical College, Beijing 100020, China
(Abstract]  Purpose/Significance To Utilize deep neural networks to carry out the risk assessment study of lung cancer in the elder-
ly, and to provide the theoretical basis for reducing the incidence of lung cancer and its effective preventive control. Method/Process A
variety of related risk factors are integrated, and the integrated data are preprocessed. The deep neural network — based risk assessment
model for lung cancer is constructed. And the comparative analysis is used to carry out the model validation evaluation. Result/Conclu-
sion The incidence of lung cancer of the high —risk group is significantly higher than the low —risk group. The incidence of lung cancer
of the male high —risk group is 2. 02 times higher than the female high — risk group. The intervention control of the male high — risk group
is more significant for reducing lung cancer incidence. The study is not only beneficial to the early diagnosis and treatment of lung cancer
in the elderly, but also provides basic support for improving the quality of life of the elderly.
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