ESERFRE 2024 FFEA5 BFE12H JOURNAL OF MEDICAL INFORMATICS 2024 ,Vol. 45,No.12

& T PADIS H5 R B0 a0 58 P i 4 e T 52

oL o oW ox om rEe 2 s

(' BEERNAZPFESE LR 1000609  ° CESHSHAIERKERNERAT )8 200233)

(HE) BR/EX MR TEREREZISHOREAE, SEARTEF AR TIE & ORRERE T
EFEAE, HiE/SE A TRRBENET R, AR ATZHERRE, ATHORENFERELME
Ak RAZAMKBERA RAITmiR k7 KA “BIOES” #Fzik ZHfFALIRE, O %K, 2475
W AR B RS Neod] R4t Bk e) TA , R/ IR TN LR B4 112 A RARERf
16 ARk £ R, HBR 124 A=, BTHERRZIMG £ R, FIRGBER LT 6BMEA, KR
RER—FTRKEREFIFEA LR BR T LA, FREIRH B ELHE, RE ST EFHARIE S
Bk £ ARG ILK

(EgR)  PEEE,; GRSERIEH; R, BAPERRIFRS%; #RAE

(RE4SHEE] R-058 (>CHkFRIRED) A (DOI]) 10.3969/j. issn. 1673 —6036. 2024. 12. 009

Study on the Construction of a Knowledge Graph Based on PADIS Guidelines

ZHANG Shan' |, LU Guan® , LIU Lu' , WANG Huiying' , WU Ying'

"School of Nursing , Capital Medical University , Beijing 100069 , China;’ Shanghai Zhuoyueruixin Digital Technology Company , Shanghai
200233, China

(Abstract]  Purpose/Significance To construct a knowledge graph based on clinical practice guidelines for pain, agitation/sedation
delirium,, immobility, and sleep disruption in adult patients in the ICU (PADIS guidelines) , and to provide methodological references for
improving the adherence of medical staffs to the guidelines. Method/Process Based on the construction method of the knowledge graph,
the guidelines are used as the main data source, and the ontology is constructed based on the guideline framework and expert opinions.
The triplet data model is used to represent knowledge. The “BIOES” labeling system, including entities, relationships, and attributes, is
adopted for manual labeling. The visualization of the knowledge graph is realized by using the Neo4j graph database. Result/Conclusion
The knowledge graph includes 112 entity types and 16 relationships among entities, and 124 triples are formed to describe the relation-
ships among entities, the attributes of entities and their corresponding attribute values. In the future, it is necessary to explore the appli-
cation of deep learning and other models in knowledge extraction, and explore the self — updating mechanism of guidelines to adapt to the
current situation of rapid updating of guidelines in the medical field.
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