EFEBSAG 2025 FEE46 HE2 H JOURNAL OF MEDICAL INFORMATICS 2025,Vol.46,No. 2

T RKiESEAN %ﬁ)ﬁi%%%ﬂ@ﬁﬁ%?ﬁ
fa) it

2 2 W 7B OMRA FREA g’ o g

(' DEMPARREZERS 08200125 * DRHESREFHERBSDPI  HF 200040
PHRIBT RS g 200237)

(WBE)] BR/EX TAATREZHEANETREZHEAZA, ARITEFT R4 0D KFE EH
W, Fix/3E KARZRATEFHE (LHEEAREFHKERR TR XHIE) 5 PULSE A A, 446
B IR AT L 5 AR R IR A AR, %iia‘it TARREEMNES . ER/EL ZEAREESR REdH0G A
AL A G AT @R ERI, EAHEA 3%, RTEAEXBEA T LER T %, BATE
a9 5 A A AE .

(R$EIE) KB ZHEE; 8/A4BR; BEXF RS

(mES%ES] R-058 ([ XHkFRIRAG] A (DOI) 10.3969/j. issn. 1673 —6036. 2025. 02. 002

Construction of a Medical Quality Control Application System Based on Large Language Models
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(Abstract]  Purpose/Significance To develop a medical quality control system based on large language models ( LLM), in order to
enhance the automation and accuracy of quality control processes. Method/Process The system utilizes a diverse set of high — quality
medical data, including general medical data and quality control — related data, to fine tune the PULSE model. Automated indicator cal-
culation and retrieval — augmented generation techniques are employed to enable the system to efficiently perform complex quality control
tasks. Result/Conclusion The system demonstrates significant improvements in automated computation and inference accuracy, achieving
an accuracy of 93.31% . It outperforms baseline language models and common inference methods, offering significant implications for
medical quality control.
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