EFERBSFE 2025 F5546 £F7 H JOURNAL OF MEDICAL INFORMATICS 2025,Vol. 46 ,No.7

TRDU - Net: J& T Wi By Bt % 1T 55 5K Ws 1)
9 ) ik B B 5 f 41 81 5% ol B

Wit B@E BAE X 2 &K1

(' PEEFNEE/ARDNEFREFESRATT A6 100020
P PEEFNFRIRIDERBSESRN LR 100730)

(FZE)] HR/EX RE DR EBESH T &, HBHPIB A RGBT N, FRGIPERELE
W, JiiE/ TR R R TSR AR B AR AE 09 T B A5 LR 5 FIHE A 4 4% A TRDU — Net, %
B U-Net A £ F W%, ERLBDFELIEAILPIINRIREZBBREN, FEMBMAIT 5 NE R ER
e, AHWBEASHFERBAGKIE, AARBALELZEL, AR S5 EHE, &R/41E TRDU - Net 4 A
FEM KB IEE E Dice 284 75.32% | ToU Z3H 62.83% , A Ik & Ftt o7 sk FARARNY 5 5] Mk 4k Fo /e 0 B,
JEBR T A7 F0 B AR BE 3 4540 LE LR 4 BIAE 5 P 69 A R

(EiR])  #Hahpksede; BEY2; SHEST; REFT

(FRESZKE) R-058 (X HRFRIZEG) A (DOI] 10.3969/j. issn. 1673 —6036. 2025. 07. 008

TRDU - Net: A Two — stage Multi — task Strategy —based Model for Carotid Plaque Calcification Tissue Segmentation
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[ Abstract]  Purpose/Significance To propose an automated ultrasound image analysis method to assist in determining the stability of
carotid artery plaques and improve evaluation efficiency and accuracy. Method/Process A two — stage calcified tissue segmentation model
based on carotid plaque ultrasound image features, named TRDU — Net, is proposed. The model uses U — Net as the backbone network ,
incorporating dual residual convolution structures in both the encoding and decoding paths. Additionally, a dilated convolution bridge is
introduced in the network’ s bottleneck to enhance the model’ s focus on specific regions, the positional information is extracted accurate-
ly, and segmentation precision is improved. Result/Conclusion The TRDU — Net model achieves a Dice coefficient of 75.32% and an
IoU coefficient of 62. 83% on the test dataset. It demonstrates superior segmentation performence and accuracy compared to other meth-
ods, validating its effectiveness in the task of carotid plaque calcified tissue segmentation.
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