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[ Abstract]  Purpose/Significance To summarize the application progress of artificial intelligence ( Al) in the field of digestive endos-
copy, to analyze the key challenges and look forward to future trends, so as to provide guidance for clinical practice and research. Meth-
od/Process Domestic and international literature databases such as PubMed, Web of Science, and CNKI are retrieved. The application

research of Al in the auxiliary diagnosis, process optimization and treatment precision of digestive endoscopy is sorted out.
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Result/ Conclusion Although Al has significant clinical value in the field of digestive endoscopy, its application still faces major challen-

ges, and its prospects and limitations need to be further discussed.
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