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[ Abstract]  Purpose/Significance To construct an intelligent analysis model for infectious disease epidemiological investigation re-
ports based on deep learning algorithms, so as to enhance the capacity for public health emergency response. Method/Process Combined
with the business requirements of disease control, the content elements of the epidemiological investigation reports are analyzed, and an
improved model TBEE based on BERT semantic coding and Bi — LSTM time series modeling is proposed, achieving efficient and struc-
tured processing of epidemiological investigation reports. Result/ Conclusion Experimental results demonstrate that this model achieves an
entity — level F1 score exceeding 80% , significantly outperforming compared models including TMT — NN, Bi — LSTM + CRF, and Lla-
ma3. It can provide strong support for the rapid acquisition of key clues about the spread of infectious diseases, the improvement of data
analysis capabilities and the efficiency of emergency response without relying on high — performance computing conditions.
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