EFEBERE 2026 FFHE 47552 H JOURNAL OF MEDICAL INFORMATICS 2026,Vol. 47,No. 2

T 8 T T I3 984 956 o 0 06 51000 v 1 W 5%
e

REH R xAART B @ AAER B R

(' PUXRZPWUESEE [N 510080 PIPUARSHES—ER [N 510080)

(fZ) HHV/EX AAREAN LAY REKN G R BRETRM PG LR, AZARRA 5 I R
I A LB, iR TESHARAEBAIFRBARERRBL T AR, REHETH LA,
WA 3 AT A A MBS R4 5, FIRTATE B R A GRS LT P @ik, E2/ 21
TS MARERSOATE T H BRI B AR T RN, REEMESREFELEREBEE.
BT e Ak, WEALBES ot B EX . MBBIMBBEESNEF 5 RAARY, Afshmx
ARG AR BT F 44 5 H 5

(K] BAB; ATF; RRid; ZEARS; BAREL

(FEZZES] R-058 (CHEtFRIZAD) A [DOI] 10. 3969/j. issn. 1673-6036. 2026. 02. 003

Research Progress of Artificial Intelligence in Glioma Disease Trajectory Prediction

LONG Sizhe'?, LI Penganz, LIU Weijiez, YANG Rui’, QI Xuanhao', ZHOU Yi'

! Zhongshan School of Medicine, Sun Yat—sen University, Guangzhou 510080, China; *The First Affiliated Hospital of Sun Yat—sen
University, Guangzhou 510080, China

(Abstract] Purpose/Significance To systematically review the research progress of artificial intelligence (AI) in the prediction of
glioma disease trajectory, and to provide new perspectives and ideas for innovation and clinical transformation in this field. Method/Pro-
cess The application of different types of Al technologies in the diagnosis and treatment decision—making and prognosis assessment of
glioma are analyzed. The characteristics of three multimodal data fusion strategies are compared, and the challenges faced by Al technolo-
gies in the clinical transformation process are discussed. Result/Conclusion Al leveraging multimodal data fusion can significantly en-
hance the performance of glioma disease trajectory prediction. In the future, high—quality standardized disease—specific datasets should
be constructed, interpretable fusion algorithms should be developed, new dual-driven paradigms integrating data and knowledge should
be explored, and cross—institutional data compliance sharing and privacy protection should be strengthened to promote the application of
related technologies in precision medicine for glioma.
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